This study presents a 2014 high-resolution spatially disaggregated emission inventory (0.025°× 0.025°horizontal resolution), of the main activities in the energy sector in Argentina. The sub-sectors considered are public generation of electricity, oil refineries, cement production, transport (maritime, air, rail and road), residential and commercial. The following pollutants were included: greenhouse gases (CO 2 , CH 4 , N 2 O), ozone precursors (CO, NOx, VOC) and other specific air quality indicators such as SO 2 , PM10, and PM2.5. This work could contribute to a better geographical allocation of the pollutant sources through census based population maps. Considering the sources of greenhouse gas emissions, the total amount is 144 Tg CO2eq, from which the transportation sector emits 57.8 Tg (40%); followed by electricity generation, with 40.9 Tg (28%); residential + commercial, with 31.24 Tg (22%); and cement and refinery production, with 14.3 Tg (10%). This inventory shows that 49% of the total EDGAR underestimates 60 Gg of methane emissions from road transport sector and fugitive emissions from refining activities.
Introduction
Atmospheric emission inventories (AEIs) are used to determine the national balances of greenhouse gas (GHGs) emissions, to estimate air quality in urban areas or to evaluate the environmental impact of a new facility, among other applications. They are also basic inputs of air quality models, such as: WRF/Chem (Grell et al., 2005) , CMAQ (Binkowski and Roselle, 2003) , CALPUFF (Scire et al., 2000) or AERMOD (Cimorelli et al., 1998 ). An example of global data collection is the EDGAR database (EDGAR, 2016; Crippa et al., 2016 ) (Emissions Database for Global Atmospheric Research) compiled by the European Commission and Joint Research Center (JRC) and the Netherlands Organization for Applied Scientific Research. In its most recent format, EDGAR is an AEI in the form of a grid of 0.1°longitude × 0.1°latitude resolution. Among the regional or continental databases, we can mention EMEP (European Monitoring and Evaluation Program), which covers Europe (EMEP, 2016) or REAS (Regional Emissions Inventory in Asia), which covers Asia with a resolution of 0.25°l ongitude × 0.25°latitude (Kurokawa et al., 2013) , among others. At national level, the US Environmental Agency, has disaggregated its national atmospheric emission inventory (NEI) by geographical division (provincial states, or regions or cities), pollutants (including PM10, CO, NOx, SO 2 ), productive sector (agriculture, energy, industrial processes, etc.) , and sources type (point, area, mobile) (NEI, 2016) . Similarly, other countries such as the United Kingdom have their own national databases, which compiles relevant information for the estimation of emissions affecting air quality as well as GHGs (UK NAEI, 2016) . China has developed several emission inventories, including the Multiresolution Emission Inventory for China, compiled by Tsinghua University, Beijing, China (MEIC, 2016) .
A further aim of this work is to provide the community stakeholders with an updated map of emissions from the main activities described and to offer a methodological framework that could be extrapolated to other areas of interest for which high-resolution inventories have not yet been developed. Finally, the use of this inventory may improve air quality or pollutant transport models in Argentina, using regional or local numerical models.
Methodology
This work presents the development of AEIs for the following activities:
1. Thermoelectric power generation plants.
2. Emissions from large point sources: refineries and cement production plants.
3. Residential and commercial consumption of natural gas, liquefied petroleum gas (LPG) and biomass.
4. Transportation activity: road, railroad, inland navigation and aviation.
5. Fugitive emissions from refineries due to product processing and fuel loading and unloading in gas stations.
In order to provide results which are comparable with different global databases, this inventory has been organized according to the categories proposed by the IPCC classification (IPCC, 2006) , though focused on air quality research. Table 1 shows the pollutants included in this study and Table 2 lists the fuels considered for each source.
Study area and baseline grid
The Argentine Republic has two main hierarchical political divisions: 24 Provinces, divided in turn by Departments (554 in total) ( Fig. 1 ), which cover a continental area of 2,778,000 km 2 . It should be noted that some Departments have very large extensions (their average area is 5,700 km 2 , with a minimum of 3.55 km 2 and a maximum of 63,700 km 2 ), containing both urban and rural areas and, as a result, the average information does not account for its spatial distribution accurately. Most energy consumption sources and users related to water networks, sewage availability, etc., are disaggregated into these two main geographic divisions. 1A1a PHE Public electricity and heat production such as location of refueling gas stations, sale of fuels, number of natural gas users and fuel consumption in thermal power stations with variable spatial disaggregation. This newly released information enabled the building of the inventory presented here with improved spatial resolution.
Using GIS tools, the information contained in the census tract map was intersected with a baseline grid map (EPGS 4326, WGS84 cartography) with cells of 0.025°l ongitude × 0.025°latitude resolution in an area ranging from 21°to 55°South latitude and 53°to 73°West longitude. Thus, the study area is made up of 700,000 cells corresponding to the continental and coastal maritime sector of Argentina. Fig. 1 shows the different scales associated to the mapping process of the available information.
Spatial disaggregation
Depending on the spatial extent, an industrial source or refueling gas station can easily be associated with a geographical point; residential consumption to an area source, whereas transport emissions are associated with a line which may range from hundreds of meters to hundreds of kilometers. To be used in an air quality model, these different source types are reorganized into a single database in the form of a grid map. The resolution of the baseline information determines the size of the grid cell (in this case 2.5 × 2.5 km). Area or line sources can be included in a single cell or not. When source sizes were greater than one cell (e.g. consumption known at the Department level) a proxy known data was selected to spatially disaggregate such variable (e.g. night-lights, population). If the variable was smaller than the cell (e.g., small census tract data in urban areas), all the sources contained in that cell were added together (Fig. 1) . Night light satellite images (i.e., NOAA-NGDC, 2010) are commonly used as an indicator of residential consumption levels and population density (Oda and Maksyutov, 2011; Raupach et al., 2010) . However, industrial parks, refineries, and hydrocarbon extraction wells also have many associated lights and are not always in the vicinity of populations, so that these lights could lead to the estimation of a higher population density in that area.
As mentioned above, since 2016, a new high-resolution database (based on census tract) has been available in Argentina, and it has thus been possible to produce a high-resolution, fine-scale map for the geographical distribution of population.
Consequently, the present map has a better geographical distribution that in Puliafito et al. (2015) , where night-light map distribution was used to geographically distribute the departmental population in a 9 km × 9 km grid.
Moreover, spatial operations performed with the aim to allocate the emissions derived from these preexisting databases to the highest possible spatial level are combined, when possible, with source-specific information to reduce uncertainty in the spatial allocation, also validating activity data.
General calculation approach
Atmospheric emissions were calculated as follows (EMEP, 2016):
Where E(p) is the total emission for species or pollutant p, FE(p, j, k) is the emission factor for pollutant species p, the type of source j and fuel k, and A(j,k)
is the level of activity for source j. The following subsections present detailed calculations and considerations for each subsector.
Residential and commercial emissions
The census tract map ( Fig. 1 d-e) available from INDEC (2016) contains information on population structure, types of fuel used in households for cooking and heating (e.g. natural gas, LPG (in tube, cylinder or tank)), timber or electricity.
The statistical database also includes a social index called Unsatisfied Basic Needs (UBN) following the description of UNDP (UNDP, 2017) . This index includes, among other considerations, number of rooms, built area (square meters) and main heating type. Table 3a and Table 3b show the data structure in detail. Detailed consumption maps were built using the UBN index and other information such as percentage of homes connected to the water/drain network, natural gas, number of homes with computers or cellular phones. However, since the main goal of this inventory is for air quality purposes, the consumption calculated in this point is only includes (in situ) energy consumption by natural gas (or charcoal or wood) for cooking and heating, thus excluding electricity-use, whose emissions are considered within the electricity production at thermal power plants (see next section). Natural gas/wood/charcoal household consumption is available only at department level, which made it necessary to redistribute this information to each cell proportionally to the number of departmental users, using equation (2):
Rg is the residential consumption of fuel k considered in cell (x,y); Hg is the number of households in the same cell consuming fuel k; Hd is the total number of households in department d consuming fuel k, and Rd is the consumption of fuel k grids included in a department d). Ng is the total number of household in the cell regardless of the type of fuel used.
The information on the use of timber, coal and other forms of biomass was calculated using a similar approach to the one proposed in the project FAO/ WISDOM (Trossero et al., 2009) . We assumed an annual consumption rate for cooking and heating per household of 2.7 tn (dry basis) for those households which only use biomass, and of 0.25 tn for the remaining households. The emissions from domestic use of fuel in each cell are calculated as follows:
Where E RESID (x, y, p) are the emissions of pollutant p at cell grid (x, y) resulting from the use of fuel consumption k; and F FUEL (k, p) are proper emission factors for pollutant p and fuel type k. The emission factors from burning considered are those established by EMEP/EEA (EMEP, 2016) for natural gas stoves and heaters. information is not complete for the entire country. Nevertheless, the highest energy consumption of this sector is from electric power and, to a lesser extent, from natural gas and other biomass fuels, whose consumption is known at the departmental level. Therefore, in situ emissions from the commercial and governmental sectors (natural gas and other biomass fuels) are calculated as additional to the residential areas. Since its consumption is not known at the census fraction level, we distributed the fuel consumption proportionally to the census fraction population within the residential areas. 
Thermal plant emissions
To estimate the emissions from large thermal plants in the electric power generation sector, we considered the equipment installed in each plant and their annual fuel consumption (MINEM, 2016) . We included sixty-six natural gas-fired thermal plants, 275 diesel power plants and 6 biomass-fired power plants. Equation (1) was used, where E is the emission of pollutant p in the power plant j, using fuel k; A is the annual energy generated and FE is the emission factor used (EMEP, 2016). shows the electricity demand according to user type (size) and geographic region. Article No~e00489
Direct and fugitive refinery emissions
This subsection considers the atmospheric emissions due to heat and electricity production in refineries and due to fugitive emissions from by-product production.
The Argentine Energy Office (MINEM, 2016) compiled activity data such as sales, the refinery's own consumption, exports and imports of fuel. The Argentine Petrochemical and Chemical Industry Manual (IPA, 2015) compiled refinery activity data.
The emissions from the refineries' own heat and electricity production were estimated from their own consumption rates: Where E HREF is the emission of pollutant p from the refinery's own consumption (Fuel OWN ) of fuel k produced in refinery j, F FUEL is the emission factor used in Argentina's Third National Communication (ATNC, 2015) and L HV is the heat value of the fuel considered. Fugitive emissions were calculated considering the annual processed products (EMEP, 2016):
Where E FUG_REF is the emission of pollutant p to the atmosphere due to the annual amount of processed crude oil (Oil PROC ) in refinery j, and F FUG is the corresponding emission factor.
Cement plant emissions
We included ten cement production plants and calculated the emissions from their energy consumption and from the production of Clinker (US-EPA AP-42 Manual).
This activity was reported in APCMA (2016).
Direct transportation emissions
One of the recently available databases in MINEM (2016) is the geo-localization of refueling gas stations. This database was associated to fuel sales in each gas station. Fuel sales were aggregated in each cell of the grid.
Where Fuel GRID is the sum of fuel k sold in all the refueling gas stations located in cell (x,y) (Fuel STATION ). Since not all the fuel sold in that cell is consumed in that place, a distribution of fuel consumption was made to the neighboring cells by means of a convolution function with a bi-Gaussian filter function bg(x,y), normalized for the kernel filter (bg(x m , y m )=1) (Puliafito et al., 2015) : 
Fuel distribution (Fuel CONV ) is:
Where u 0 = x − x m ; u f = x + x m ; v 0 = y − y m ; v f = y + y m ; the filter width is 500 km with a deviation d dependent on the type of fuel. Vehicle-kilometers travelled (VKT) was estimated in each grid using fuel consumption and efficiency γ by type of fuel k:
The road transportation sector emissions E RTS corresponding to cell (x,y) of the grid, fuel k and pollutant p were calculated as follow:
Where F RTS is an emission factor that depends on the type of vehicle v, fuel k and pollutant p (EMEP, 2016).
Calibration of the VKT
VKT can be calibrated using annually mean daily flow (AMDT) at different roads, fleet composition and fuel consumption, and efficiencies. The considered vehicle fleet is mainly composed of light passenger cars (LPC); commercial light duty-load vehicles (CLD < 2 tons); light-duty truck (LDT < 2 tons); medium-duty truck (MDT < 4 tons); semi-trailer towing truck (STTT < 20 tons); heavy-duty truck (HDT >20 tons); and four-stroke motorcycles and buses. With regard to fuel type, LPC and CLD use gasoline, natural compressed gas for vehicles (NCGV) and diesel; light, medium and heavy duty trucks use mainly diesel, but a small proportion use gasoline; and motorcycles use mainly gasoline. Table 4 shows a summary of fleet composition, fuel consumption, estimated fuel efficiency and annual VKT.
According to Eq (9), the activity of each cell VKT GRID is estimated from the fuel consumption assigned to each cell. The vehicle activity in a cell is performed on streets and roads included in this cell. Then VKT GRID x; y; k ð Þ¼∑ s VKT SEGM s; k ð Þ is the activities summation of all s segments. Moreover, the activity in each segment isVKT SEGM s; k ð Þ ¼ VEH SEGM s; k ð Þ× L s ð Þ; VEH SEGM being the vehicles using fuel k at the segment s, and L being the length of that segment. Street segments were classified into main access, trunk and primary routes, secondary and tertiary roads. There is no information on the average daily traffic for every segment; therefore, this information must be estimated from the consumption of the cell and the hierarchy of the routes. The activity of the segment is distributed proportionally to VKT GRID and weighted by the product average of the road hierarchy J(s) and the length of L(s) at segment s for each grid.
We can also consider J(s) as average values of vehicles fluxes for a given hierarchy or weighting factors. Coefficient J(s) takes into account traffic flow, width, type, use and importance of the road, and can be estimated using measured AMDT flow points. In this case study, the following values were assumed:
Access Routes = 120000; National trunk roads = 30000; Primary roads = 9000;
Provincial routes = 4000; secondary streets = 1000, tertiary streets = 250 (Table 5) .
Once VKT SEGM is calculated, the daily average vehicle VEH SEGM is determined for each segment dividing VKT SEGM by the segment length L(s). This value allows us to compare the results with existing AMDT values. The width d of the bi-Gaussian function in Eq. (9) can be calculated by iterating Eq. (9, 10, 11 and 13). Fig. 6 shows the calibration results of VKT values using the AMDT fluxes measured at 1548 points for different road types in Argentina. Fig. 6b shows the correlation between calculated and measured AMDT. Fig. 6c shows an example of AMDT fluxes following an east-west direction at a national road from two main urban metropolitan areas: Buenos Aires (12 million inhab.), in the East, and Mendoza (1.8 million inhab.), in the West. Vehicular activity spreads around urban centers proportionally to population and fuel sales. It must be noted that National Road N7 starts at the west edge of Buenos Aires city and ends at the west border of Argentina. [ ( F i g . _ 6 ) T D $ F I G ] Article No~e00489
Where E FLIGHT (p) is the annual emission of the pollutant p for each of the LTO and cruise phases, A FLIGHT is the fuel consumption at each phase of the flight, and F FLIGHT is the emission factor referred to pollutant p and fuel k.
Railways
Railroad passenger activity in Argentina is based on a train system centered in the city of Buenos Aires that comprises a long-distance service and commuter trains.
The railroad freight network is organized to export the production of grains and minerals through the main ports along main rivers mainly in Rosario, Santa Fe, Buenos Aires and the deep-water port in Bahía Blanca. The approach used in this inventory is based on fuel consumption, according to Equation (1) using emission factors suitable for the average technology of the locomotive fleet. The activity data and railway park data were taken from the National Transportation Commission (CNRT, 2016). Fuel use was distributed proportionally to the length of the active railways by applying a hierarchy system distinguishing between fullyoperating and intermittent rail corridors.
Navigation
This category includes the exhaust emissions arising from propulsion and auxiliary engines during berthing, maneuvering in harbor and during cruise from oceangoing, in port, and inland waterway vessels. Inland navigation in Argentina is centralized in the De la Plata, Paraná, Paraguay and Uruguay rivers and the most important ports are Buenos Aires, La Plata, Rosario, Santa Fe, Campana, San Nicolás, Goya, Reconquista, Barranqueras, Formosa, Gualeguaychú, and Concepción del Uruguay.
Navigation-related emissions are a consequence of combusting fuel in an internal combustion engine. Therefore, to estimate them, a general top-down approach was employed using available statistics on fuel consumption for national and international navigation, according to the general Equation (1). Port berths and routes to and from those berths were spatially identified using existing geographic definitions of the port boundaries. GIS tools were used to describe the transit routes using navigational charts. The National Port Authority (SSPYVN, 2016) provided the activity data on every port. Cruise emissions were spatially allocated across the major shipping lines also using ship movements. Population is unevenly distributed in the territory (Table 6 ). Densely populated areas (> 7500 inhab./km 2 ) are distributed in 0.06% (< 190,000 ha) of the territory with 13.2 million inhabitants compared to the 42 million total inhabitants of Argentina. Medium-sized urban areas (between 2,500 and 7,500 inhab./km 2 ) occupy 0.68% of the territory with 22.3 million inhabitants and the remaining 1.45% (580,000) are distributed in the rest of the territory (98%).
With 12 million homes, the consumption of the residential and commercial sector in 2014 was: 11.4 × 10 9 m 3 of natural gas, 1.7 × 10 6 Mg of LPG; 8 × 10 6 Mg of firewood and 51 × 10 6 MWh, leading to an average of 15.64 GJ/cap and 55.48 GJ/ home (Fig. 2) . Natural gas provides 52% of the total energy consumed by residential and commercial sectors for cooking and heating. While the Pampean
Region has 20 million inhabitants consuming 54% of the total natural gas provision (460 m 3 /home per year), Patagonia, with 2.2 million inhabitants and the coldest climate in the country, consumed 24% of the natural gas provision (3,700 m 3 /home per year), other Regions consumed the remaining 22% (Fig. 3) . Emissions to the atmosphere from the use of electricity in homes and offices are estimated as emissions from thermal power plants (next section). Table 7 shows the spatial distribution of pollutants emitted in residential and commercial areas. For example, this sector emits 13,393 Mg per year of PM10. From this total, 26% of the emissions are generated in rural areas (<1,000 inhab./ km 2 ), 27% are generated in urban areas (between 1,000 and 2,500 inhab./km 2 ), 48% are emitted in medium and densely populated cities (>2,500 inhab./km 2 ).
Fifty-five percent of the total PM10 emissions are produced around big cities in the Central and Pampean Regions (Fig. 7 ). PM2.5 shows a similar pattern. Eighty-four percent of NOx (65,000 Mg) emissions are more concentrated in urban areas in cities with densities higher than 2,500 inhab./km 2 . Fig. 8 shows the geographical distribution of refineries, thermal power plants and cement production plants. Table 8 presents the annual production for year 2014 by geographical regions of cement plants (8.1 × 10 6 Mg), refineries (31.7 × 10 6 Mg of crude oil refining), and electricity generation (129 GWh). Regarding the energy production, thermal power plants generate 64%, hydroelectric plants generate 31%, and the remaining is nuclear or renewable. Considering the energy demand, the residential sector consumes 41%, the commercial sector consumes 29% and the industrial sector consumes 30%. Fig. 8 also represents, as an example, the CO 2 emissions (Gg) produced by these point sources: 40,329 Gg from power plants, 6,444 Gg from refineries' own consumption and 4,134 Gg from cement production plants. Considering its regional distribution, 43% of carbon dioxide emissions (22,500 Gg) are emitted in the Pampean Region, followed by 24% in the Central Region (12,100 Gg); the rest of the country contributes with 32%, that is 16,350
Main point sources
Gg. [ 
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Emissions from the transport sector
In 2014, the transportation sector consumed 8.2 × 10 6 Mg of gas-oil, 7.9 × 10 6 Mg of gasoline and 2.8 × 10 9 m 3 of compressed natural gas mainly in road transport, 1.6 × 10 6 Mg of kerosene for aviation and 1.4 × 10 6 Mg of fuel oil for inland navigation ( Table 9 ). The railroad freight network carried 8.9 × 10 6 tonnekilometers (TKT) and transported 267 million passengers from which 13 million veh-km (VKT) used diesel engines and 99.5 million VKT used electric engines. Fig. 9 shows the fuel sales at the refueling gas stations. It also shows the calculated VKT activity derived for the road transport sector and the respective NOx emissions for this subsector. The Pampean and Central Region concentrates 60% of the activity and emissions. Road transport produced the main NOx emissions, which has a strong impact on rural areas. Maritime and inland navigation has a significant impact on NOx, PM10 and SO 2 emissions due to the use of fuel oil as the main fuel.
Discussion
Analysis of the results
Calculated emissions are analyzed from different points of view:
A) According to the whether the pollutants affect climate change, air quality or health, they were classified as: i) greenhouse gases (CO 2 , CH 4 and N 2 O) grouped (See also Fig. 1 ).
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as CO 2 eq (weighted by their global potential warming); ii) ozone precursors (linear sum of CO, NOX and VOC) and iii) impacting air quality (linear sum of PM10, PM2.5 and SO 2 ). Greenhouse gases were calculated according to their global warming potential, converting them to CO2eq; while emissions of ozone precursors and air quality were added in equal proportion.
B) According to the generating sector, that is, where emissions are produced, we organized the emissions in four subgroups: i) production of electricity, ii) transport, iii) residential and commercial, iv) transformation in refineries and cement production (Fig. 10a ).
C) According to the demanding sector, we aggregated the emissions into three large groups: i) energy for housing: residential + commercial + 60% of the thermal emissions of the electric generation; ii) energy for transport: road+ rail + navigation + aviation + 50% of refinery (its own emissions of transformation); iii)
emissions from the industry: that is, only cement production and 50% from refinery. Note that in this inventory we do not include the agricultural sector or the industriaĺs own process emissions, except for cement ( Fig. 10b and Table 10 ).
D) When classifying emissions according to population density, we have formed four subgroups: i) rural (density < 100 inhab./km 2 ), ii) urban low (densities between 100 and 5000 inhab./km 2 ), iii) urban medium (densities between 5000 and 100000 inhab./km 2 ), iv) Urban high (densities > 100000 inhab./km 2 ) ( Fig. 11 and Table 11 ).
If we focus on the sources of emissions (Fig. 10a) , greenhouse gases (GHGs) are mainly produced by the transport sector (40%) followed by electricity generation (28%) and the residential + commercial sectors (22%). Moreover, for ozone precursors (OZPR), transport is also clearly the main emitter (83%). Concerning other air quality emissions (AQIMP: PM and SO 2 ) electricity generation (33%), transport (30%) and cement production (20%) have also contributed to emissions. From the energy demand perspective, transport is responsible for an average 56% of the emissions, contributing with 85% of ozone precursors, 44% of greenhouse gases and 38% of air quality specific contaminants. Housing has an average emission impact of 29%, from which 39% are greenhouse gases, 37% are air quality pollutants, and 10% are ozone precursors. [ ( F i g . _ 1 0 ) T D $ F I G ] extension (per square km), the largest impact is seen, as expected, in medium and densely populated urban areas (Fig. 12) . They reach more than 20.3 Gg per square km (GHG), 297 Mg/k 2 of OZPR and 11.5 Mg/km 2 for AQIMP, which is approximately 300 times higher than the national average (390, 290 and 160 times, respectively). Fig. 13 shows the geographical distribution of total emissions for two primary pollutants: PM2.5 and carbon monoxide with their distributions by subsector. PM2.5 has a significant component from the residential sector (48%), especially due to fuelwood consumption in heating and cooking, followed by navigation (23%) from fuel oil use. In contrast, CO is mainly produced by the road transport sector (90%), especially gasoline cars. The maps clearly indicate the highest concentration of pollutants to the atmosphere coming from major urban centers and the impact of transport in vast rural areas.
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Top-down comparison
To validate the present inventory, we compared the total results with the national inventory of greenhouse gases submitted by Argentina for the year 2012 to the UNFCC presented as the Third National Communication (ATNC, 2015) and the total values of EDGAR global database for Argentina 2010. Although it corresponds to different reference years, the average inter-annual variations of the activities do not exceed 15% between 2010 and 2014 except for the increase in domestic aviation that reached a 57% increase in kerosene sales. Table 12 (a) summarizes the calculations of this inventory (GEAA); Table 12 (b), the TNCA;
and Table 12 (c), EDGAR. It is observed that while for some sectors relative differences between both inventories have a good approximation depending on pollutants (3%, electricity production; 3-6%, residential, road and rail transportation; 10-20%, oil refining and cement production) the discrepancies in other sectors are high: air navigation (CH4 325%, CO 185%) and maritime navigation are greater than 80% (i.e. SO2 300%). This difference in the navigation and aviation sector is partly due to the variation in activity between 2012 and 2014 (57% in kerosene for aviation, 15% fuel oil and 36% gas oil in sea and river navigation). In the residential sector, the differences (8-25%) arise from the uncertainty in the estimation of the consumption of fuelwood and LPG for use in kitchen and home heating. An important total difference of 60 Gg is also seen in the methane emissions comparing GEAA with EDGAR, especially for the road transport sector and the fugitive emissions from refinery. Probably, EDGAR has underestimated the use of NCGV vehicles, where Argentina has an important fleet.
Another source of discrepancies is in the CH4 fugitive emissions from the refineries' own consumption.
[ ( F i g . _ 1 2 ) T D $ F I G ] , ii) urban low (densities between 100 and 5000 inhab./km 2 ), iii) urban medium (densities between 5000 and 100000 inhab./km 2 ), iv) Urban high (densities > 100000 inhab./km 2 ).
Spatial comparison with EDGAR
To evaluate uncertainty in the spatial distribution, we compared the inventory here proposed (GEAA) with the EDGAR international database, which is often used in those areas for which there are not any specific national inventories.
We compared the road transportation and residential sectors since they are widely distributed in the territory. Due to different resolutions (GEAA is 4 times finer), we converted the GEAA data to the EDGAR resolution, adding 16 GEAA-cells included in each EDGAR cell (hereinafter called "low resolution"). Additionally, the reverse conversion was done by adapting EDGAR data to the GEAA resolution, dividing each cell by 16 and repeating the same value in the 16 cells (hereinafter called "high resolution"). As can be observed in Table 12 , the total values for Argentina in both inventories for these subsectors are very similar. However, the spatial distribution of these values shows important discrepancies. In In the high-resolution comparison, roads are in red color with higher values for GEAA, and a combination of positive (red) and negative (blue) values are observed in the cities, indicating an uneven distribution of main routes or residential urban zones. Fig. 15 shows the differences in low resolution, and it is observed that in the GEAA map, emissions are higher in the urban zones (red values) than in the EDGAR map. On the contrary, emissions are higher in the rural zones in the EDGAR map (blue colors), and they can reach, for example, between 5 and 90 additional annual Mg of PM10. These differences are important when it comes to computing air quality in a city by using both maps. An air quality study using EDGAR (Garcia Ferreyra et al., 2016) shows an underestimation of the measures of air quality in urban zones, which would be a reason to affirm that the GEAA map (even in the 10 × 10 km resolution) could produce better results. emissions, there is also an excess of EDGAR relative to GEAA for the first 4 density categories (less than 1000 inhab./km 2 ). It should be noted that Argentina has a very high urban population (90% resides in areas with densities higher than 1000 inhab./km 2 ), so GEAA seems more appropriate, since it was built from smaller units of population census data. Comparing only the emissions of road transport, an excess of EDGAR relative to GEAA of 32% is observed for the cells [ ( F i g . _ 1 6 ) T D $ F I G ] with densities of less than 1 inhab./km 2 , which corresponds to rural routes with very little vehicular traffic. In GEAA, the traffic is developed in those cells with densities greater than 1 hab./km 2 . Fig. 17 shows an overestimation of EDGAR emissions in low density urban areas and an underestimation in densely populated cities. While total emissions are similar, residential emissions of GEAA are concentrated in medium-and high-density cities, while EDGAR allocates them to low-density areas. Fig. 18 shows a longitudinal section (60°W) of road and residential emissions (normalized to their maximum) between latitudes 30°S and 34°S for both GEAA and EDGAR inventories compared to the red channel intensity of the night light map (NOAA-NGDC, 2010 ) and the population map provided by INDEC (INDEC, 2016) . EDGAR closely follows the red channel signal, whereas GEAA does it to the population. Note that EDGAR has a higher background level than GEAA consistent with the previous figures, which leads it to overestimate rural emissions.
Both EDGAR and GEAA emission inventories correlate emission sources with their activity in geographical terms using spatial indicators or proxies, which are defined based either on geographically resolved official statistics (e.g. population density), on GIS maps-derived data (e.g. road network) or on land cover data (departments/districts). Although EDGAR emission inventory is currently available worldwide and it has been used in regional air quality model applications, its spatial uncertainty remains very large and the representation of the sources cannot be expected to be accurate.
According to the EDGAR team (Janssens-Maenhout et al., 2012; JanssensMaenhout et al., 2015) , for the road transport sector EDGAR implements a proxy data defined as "population × road length" to improve spatial disaggregation. This Article No~e00489 calculation applied at the grid level, requires knowing the population and length of the country road system at each cell. While the latter is well known (i.e. through
GIS tool using open-source maps like openstreetmap), population data used by EDGAR is known only at the provincial or district level. Moreover, when the spatial activity level is incomplete, no additional information is used to enhance GIS data quality.
Therefore, emission distribution on grid maps in EDGAR derived from proxy data ("in-house") leads to a poor assessment of the rural population. These uncertainties are particularly evident in large rural areas like in Patagonia or the north-east region of Argentina, where population density is close to zero. By means of this procedure, the road and residential transport emissions represented by EDGAR result in an overestimation of emissions in rural areas and an underestimation of urban areas, especially in more densely populated areas. Nevertheless, the EDGAR view is understandable since it uses a common approach to produce similar tier level proxy data for all countries in the world with very different sources and data quality.
In that context, GEAA spatially resolved emissions of the road transport sector were scaled down to the 2.5 km grid, employing a combination of a top-down approach that uses an ensemble of activity databases and high resolution digital maps. Basic information on fuel sales was obtained at point level since the location of refueling gas stations is known. The fuel consumption allocation was performed at grid and segment level and then validated using measured AMTD fluxes by means of road hierarchies and their lengths. This procedure is more likely to capture the spatial variations within the urban areas, since the road network is used to estimate the emissions at the road link level. Moreover, this method for spatial [ ( F i g . _ 1 8 ) T D $ F I G ] Fig. 18 . Difference between the GEAA and EDGAR inventories, for road transport sector, compared to the map of "night lights" and population.
Article No~e00489 allocation is able to produce more detailed emissions maps, even allowing the consideration of the activity in secondary and local roads along with main roads. Furthermore, the final gridding resolution can be improved as desired due to the possibilities of the geospatial surrogates.
Conclusions
We presented a high-resolution inventory (0.025°× 0.025°) of atmospheric emissions for the energy sector in Argentina for 2014. The main contribution of this work is the geographic allocation of the considered sources using newly baseline information of population data from the census tract and energy consumption. We have organized the inventory following the categories proposed by the IPCC for the energy sector for greenhouse gases (CO 2 , CH 4 , N 2 O), ozone precursors (CO, NOx, VOC) and other specific air quality indicators such as SO 2 , PM10, and PM2.5. Either from the energy generation or from the demand sector, transportation is the main contributor affecting both urban and rural areas. With regard to the sources of GHG emissions, the total amount reaches 144 Tg, from which the transportation sector emits 57.8 Tg (40%), followed by electricity generation with 40.9 Tg (28%), residential + commercial with 31.24 Tg (22%), and cement and refinery production with 14.3 Tg (10%). This inventory shows that 49% of the total emissions occur in rural areas, 31% in rural areas of medium density, 13% in intermediate urban areas and 7% in densely populated urban areas.
However, when emissions are analyzed by extension (per square km), the largest impact is in medium and densely populated urban areas, reaching more than 20.3 Gg per square km (GHG), 297 Mg/k 2 of OZPR and 11.5 Mg/km 2 for AQIMP, corresponding to amounts approximately 300 times higher than the national average (390, 290 and 160 times, respectively).
From the energy demand perspective, transport accounts for an average 56% of the emissions, contributing with 85% of ozone precursors, 44% of greenhouse gases and 38% of air quality specific contaminants. Housing has an emission impact of 29% on average, from which 39% are greenhouse gases, 37% are air quality pollutants, and 10% are ozone precursors.
Regarding the comparison with the EDGAR database, although EDGAR has a fine resolution (0.1°× 0.1°) and the total emissions estimated by EDGAR and GEAA are similar (within a 10% variation), for several subsectors the spatial distribution of EDGAR is not adequate for Argentina. EDGAR's road transport and residential emissions result in an overestimation in rural areas and an underestimation of urban areas, especially in more densely populated areas compared to GEAA.
EDGAR underestimates 60 Gg in methane emissions from the road transport sector and fugitive emissions from refinery.
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The use of this high-resolution map will allow the development of air quality models with more accurate estimates of the environmental concentrations of the pollutants present, for allocating control responsibility and for meeting an emission target in appropriate administrative sectors.
In subsequent works, the national inventory of other activities affecting air quality, such as the waste sector, agricultural activities (in preparation), biogenics and burning of biomass will be presented.
Declarations
Author contribution statement
